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INTRODUCTION: STOCHASTIC BLOCK PARTITIONING

Input Graph Merge Blocks Finetune Partitioned Subraph
Sampled Subgraph \ ﬁ Partitioned Graph

Stochastic Block Partitioning

We speed up stochastic block partitioning via sampling without compromising
community detection results
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EXPERIMENT OVERVIEW

ALGORITHMS VARIABLES

* Uniform Random (UR) « Graph size (5K, 20K & 50K

« Random Node Neighbor (RNN) vertices)

« Degree Weighted (DW) « Difficulty of partitioning

« Random Walk (RW) Sample size (10% - 50%)
M ETRICS

 Random Jump (RJ)
« Forest Fire (FF)

2 xprecision xrecall

e F1Score =

precision+recall
« Speedup
« Others (refer to paper)
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RESULTS: BPEEORE QN RHEENCIHMARKPIH O SAMPLING)
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Sampling Algorithm
" Degree Weighted (DW) = Random Jump (RJ) ® Random Walk (RW)

Forest Fire (FF) ® Random Node Neighbor.. ® Uniform Random (UR)
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